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Improving the operational capability of clinical training nurses using demand forecasting models: a data-driven

teaching approach

Yunjuan Liang, Jinfen Hu, Tingting Fu
Department of Thoracic Surgery, The First Affiliated Hospital of Guangzhou Medical University, Guangzhou, Guangdong

[ Abstract] Objective Given the importance of the operational capability of clinical training nurses in the context
of medical technology advancements, this study aims to enhance the operational capability of clinical training nurses and
thereby improve the quality of medical services and patient satisfaction through the use of demand forecasting models and
data-driven teaching methods. Methods We collected operational capability training data from clinical training nurses,
constructed a demand forecasting model, and designed and implemented a set of data-driven teaching strategies based on
the model’s predictions. Results The results of the study indicate that, compared to traditional teaching methods, our
demand forecasting model and data-driven teaching methods can more effectively enhance the operational capability of
clinical training nurses, especially in complex operations such as drug management, disease prevention and control, and
emergency situation handling. Furthermore, this method also helps clinical teachers to better understand and meet the
learning needs of students, thereby optimizing teaching outcomes. Conclusion The results of this study reveal that the
demand forecasting model and data-driven teaching methods have significant application value in enhancing the
operational capability of clinical training nurses. This not only effectively enhances the operational capability of nurses,
but also helps teachers to better understand and meet the learning needs of students, thereby optimizing teaching outcomes.

[ Keywords] Demand Forecasting Model; Clinical Training Nurses; Operational Capability; Data-Driven Teaching
Methods
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