I e s AR 7 2 2% 2024 F55 8 5 9 4
International Journal of Clinical Research https://ijcr.oajrc.org/

W25 % I FERT R RISTT PRV R

IEE', R B B AT

'K REFHARAEIN =HRE
K KFE WA ERHILAAS ZHEHA

[HEIMAEEFERKOTE# P, sE S J (Machine Learning, ML) £ E AR08 B B 38w, LLE
MMEmSF 7 MERLT ERGHEA. ALGABIEME NIRRT, EEMEF AR RS W A8 77 F 89
MR Ae R AR, AR TRRME F 3 F EdeTRA DU RHAE, RIETT T EARKEG 5. I, KA
LETIEFIAEERE R FOREF S, FREZARARGRET @

[X8IR) MB35 AR, FUER; HEES

[(EETB] =4 #F THFHAELRE (2023]0926, 2024Y919, 2024Y920)

[WisHEAY 2024 8 A 10 B [HTIEHEAY 202449 A 208  [DOI] 10.12208/j.ijcr.20240348

Advances in machine learning in the diagnosis and treatment of liver diseases
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[ Abstract] As medical technology continues to advance, the application of machine learning (ML) in the
field of hepatology is increasingly prominent. This paper aims to review relevant domestic and international research,
summarize the current status and latest developments of machine learning in the diagnosis and treatment of liver
diseases, and explore how different machine learning algorithms can enhance diagnostic accuracy, optimize treatment
plans, and improve prognosis assessment. Additionally, we evaluate the advantages and challenges of machine

learning in clinical applications while also providing an outlook on its future development direction.
[ Keywords] Machine learning; Liver disease; Prediction model; Precision Medicine
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