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The current applications of ChatGPT in ophthalmology

Pengfeng Li, Dong Fang, Yijing Zhuang, Bingyu Bai, Xiangqing Hei, Yingying Diao, Lu Chen, Shaochong Zhang"
Second Clinical Medical College of Jinan University, Shenzhen Eye Hospital, Shenzhen, Guangdong

[ Abstract] In recent years,Artificial intelligence (Al), particularly large language models (LLMs) such as
ChatGPT, has demonstrated immense potential in the medical field, especially in ophthalmology. With its powerful
natural language processing capabilities, ChatGPT provides efficient technical support in medical education, medical
documentation generation, clinical decision support, medical research, and patient education. However, it still faces
challenges regarding the accuracy of medical information, multimodal data processing, data privacy protection, and
knowledge updates. In the future, model optimization, enhanced data security, and knowledge base updates are
necessary to ensure the reliable application of ChatGPT in the medical field, thereby improving clinical and research
efficiency.

[ Keywords ] Artificial Intelligence (AI); Large Language Models; Chatbots; Generative Pre-trained
Transformers (GPT); Ophthalmology
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