[H P A o 2024 5 6 B4 4 W

International Journal of Education https://ije.oajrc.org/
- ERITEEERIMTEY BEENZXPHINAREB TR
AW 4

LAERAKFINREFRE LA FE

[HEZE] p-mR AR E LT AR BARBEL K OARABENRFEATFEFTREZRANREAELR, BOETH
PR IX 69 A AR B Ao AR B B B A R o p-R A ALAR Bt R FT A AL B E AL A B R A AR B R T i AR
RARNEZF@ERLRY . FARKIL, HETAMEAERDTE, RURAKR, MNEHELHFEE, F7T
B it A2, AR A HERFG R R XHE &, p-REAALEIZ T EGEAN G AR BN+ HEN A &5 H XA
Bt A ik R A, A ERRERBLARNETZRIE, BREAREL, RSFRGEEFRE,

[SIA) R B R Eit; p-hiik; MAERT; HEMAEEHK;, BRAXE R

[(EE€TB] WAAHFTAF T WA AR RABAEF K—BFRN AT P-RENTEHRFRBED, <
ot Hobl v B XA A AT L (B %5 2021KYB002)

[YWiSHEAY 2024 59 A 12 B [HFIEHEAY 2024 % 12 A 26 B [DOI] 10.12208/.ije.20240082

A systematic review of the application of the p-optimality method in computerized adaptive testing item pool

design and its inspirations

Lihong Yang
School of Foreign Languages, Shandong Jianzhu University, Jinan, Shandong

[ Abstract] The p-optimality method refers to determining the best blueprint of the test item pool that meets the
examination requirements based on the characteristics of the target population of the examination. The purpose is to ensure
the accuracy of the test and the balanced use of items. This article discusses the advantages of this method from three
perspectives: the optimization of the number of items in the pool, the optimization of measurement accuracy, and the
optimization of item pool design process. It is discovered that the p-optimality method can address issues such as the
redundancy of pool items, reduction of high item trialing costs, and improvement of low measurement precision, simplifying
the whole measurement process. As a low-cost and easy-to-operate heuristic algorithm, the promotion of the p-optimality
method aims to provide a reference for the design and construction of computerized adaptive testing item pools in China, and
provide support for test development experts, reducing the cost of item writing, and improving the reliability and validity of
the test.
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